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Abstract: In this paper, plum was regarded as the reséarch object, and image informations of different mature degrees of plum fruit

(unripe, ripe, mature and overmature) samples were collecte yperspectral image. Then the images were treated with median filtering
ifferent mature degrees by Matlab software and average and standard

olor feature value. RGB, HSV and RGB-HSV color characteristic value were

denoising. RGB and HSV color image models were ob
deviation of different components were regarded as the
established to identify the plum maturity PLS, and the established models were predicted. The results showed that the accuracy rate of
discriminated model based ‘on RGB-HSV color feature value was better than that of RGB and HSV. The accuracy rate of immaturity,

instrumental, mature and ovel /¢ plum reached 98.35, 90.00%, 85.85% and 90.85%, respectively. The results showed that this discriminated

model not only simplified but nhances the discriminated ability of models, and provided the theoretical basis for the nondestructive
detection and discrimination of plum m:

; maturity; hyperspectral imaging; color feature; non destructive
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Fig.4/RBG histograms of all mature components
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1 £T RGB-PLS BN ERE TN EEFI A 45
Table 1 Recognition results of maturity prediction set based on

RGB-PLS
RAE 1 2 3 4 HAEK AREY%
1 20 0 0 0 20 100%
2 0 18 1 1 20 90.0%
3 0 1 14 5 20 70.0%
4 0 0 1 19 20 95.0%

% 2 £ RGB-PLS HIRFAERIESEF AR

Table 2 Recognition results of maturity correction set based on

RGB-PLS

ARIE ] 23 4 BAH FRIE%
1 57 3 0 0 60 95.0%
2 5 54 1 0 60 90.0%
3 5 2 5 0 60 88.3%
4 0o 0 7 53 60 88.3%
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Fig.6 Classifying results of HSV-PLS model
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Table 3 Recognition results of maturity prediction set based on

HSV-PLS

ARAE 1 2 3 4 HEAH RAEY%
1 2 8 0 0 20 60.0%
2 313 4 0 20 65.0%
3 0 3 12 5 20 60.0%
4 0 5 15 20 75.0%

64.2%- 61.7%

4 ET HSV-PLS MR RIESEHIRILER
Table 4 Recognition results of maturity correction set based on

HSV-PLS

ARIME 1 2 3 4 HARE EREY%
1 37 23 0 0 60 61.7%
2 15 38 7 0 60 63.3%
3 0 18 38 4 60 63.3%
4 0 0 12 48 60 80.0%
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Fig.7 Classifying results of RGB-HSV-PLS model
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Table 5 Results of maturity prediction set based on
RGB-HSV-PLS model

RAE 1 2 3 4 BRI TAEM%
1 20 0 0 0 20 100%
2 0 18 2 0 20 90.0%
3 0 1 16 3 20 80.0%
4 0 1 19 20 95.0%
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% 6 ETF RGB-HSV-PLS FYRRFAERIEEFIRIER
Table 6 Results of maturity correction set based on
RGB-HSV-PLS model

ARAE 1 2 3 4 BARK RAE/%
1 58 2 0 0 60 96.7%
2 5 54 1 0 60 90.0%
3 0 4 55 1 60 91.7%
4 0 0 V) 60 86.7%
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